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1 Attention: Financial Markets

• Barber and Odean (2004) — Attention to salient

• Investor with limited attention
— Stocks in portfolio: Monitor continuously

— Other stocks: Monitor extreme deviations (salience)

• High-attention (salient) stocks:
— demand increases

— supply does not

— increase in net demand



• Heterogeneity:
— Small investors with limited attention attracted to salient stocks

— Institutional investors less prone to limited attention

• Market interaction: Small investors are:
— net buyers of high-attention stocks

— net sellers of low-attention stocks.

• Measure of net buying is Buy-Sell Imbalance:

BSIt = 100 ∗
P
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• Notice: Unlike in most financial data sets, here use of individual trading
data

• In fact: No obvious prediction on prices

• Measures of attention:
— same-day (abnormal) volume Vt

— previous-day return rt−1

— stock in the news (Using Dow Jones news service)



• Use of sorting methodology
— Sort variable (Vt, rt−1) and separate into equal-sized bins (in this case,
deciles)

∗ Example: V 1t , V 2t , V 3t , ..., V 10at , V 10bt

∗ (Finer sorting at the top to capture top 5 percent)
— Classical approach in finance

— Benefit: Measures variables in a non-parametric way

— Cost: Loses some information and magnitude of variable



• Effect of same-day (abnormal) volume Vt monotonic
(Volume captures ‘attention’)



• Effect of previous-day return rt−1 U-shaped
(Large returns–positive or negative–attract attention)



• Notice: Pattern is consistent across different data sets of investor trading

• Figures 2a and 2b are ‘univariate’ – Figure 3 is ‘multivariate’



• Patterns are the opposite for institutional investors (Fund managers)



• Alternative interpretations of results:

• Small investors own few stocks, face short-selling constraints

• (To sell a stock you do not own you need to borrow it first, then you sell
it, and then you need to buy it back at end of lending period)

• If new information about the stock:
— buy if positive news

— do nothing otherwise

• If no new information about the stock:
— no trade

• Large investors are not constrained



• Study pattern for stocks that investors already own



• Cohen-Frazzini (2006) — Inattention to subtle links

• Suppose that you are a investor following company A

• Are you missing more subtle news about Company A?

• Example: Huberman and Regev (2001) — Missing the Science article

• Cohen-Frazzini (2006) — Missing the news about your main customer

• Example:
— Coastcoast Co. is leading manufacturer of golf club heads

— Callaway Golf Co. is leading retail company for golf equipment

— What happens after shock to Callaway Co.?





• Data:

— Customer- Supplier network — Compustat Segment files (Regulation
SFAS 131)

— 11,484 supplier-customer relationships over 1980-2004

• Preliminary test:

— Are returns correlated between suppliers and customers?

— Correlation 0.122 at monthly level



• Computation of long-short returns
— Sort into 5 quintiles by returns in month t of principal customers, rCt

— By quintile, compute average return in month t + 1 for portfolio of
suppliers rSt+1: r

S
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S
5,t+1

— By quintile q, run regression

rSq,t+1 = αq + βqXt+1 + εq,t+1

— Xt+1 are the so-called factors: market return, size, book-to-market,
and momentum (Fama-French Factors)

— Estimate α̂q gives the monthly average performance of a portfolio in
quintile q

— Long-Short portfolio: α̂5 − α̂1



• Results in Table III: Monthly abnormal returns of 1.2-1.5 percent (huge)

• Information contained in the customer returns not fully incorporated into
supplier returns



• Returns of this strategy are remarkably stable over time



• Can run similar regression to test how quickly the information is incorpo-
rated

— Sort into 5 quintiles by returns in month t of principal customers, rCt

— Compute cumulative return up to month k ahead, that is, rSq,t−>t+k

— By quintile q, run regression of returns of Supplier:

rSq,t−>t+k = αq + βqXt+k + εq,t+1

— For comparison, run regression of returns of Customer:

rCq,t−>t+k = αq + βqXt+k + εq,t+1





• For further test of inattention, examine cases where inattention is more
likely

• Measure what share of mutual funds own both companies: COMOWN

• Median Split into High and Low COMOWN (Table IX)



• Supporting evidence from other similar papers

• Hong, Torous, Valkanov (2002)
— Stock returns in an industry in month t predict returns in another
industry in month t+ 1

— Investors not good at handling indirect links —> Indirect effects of
industry-specific shocks neglected

— Example: forecasted increase in price of oil

— Oil industry reacts immediately, Other industries with delay

• Pollet (2002)
— Scandinavian stock market (oil extraction) predicts US stock market
(negatively) one month ahead

— Oil industry predicts several industries one month ahead (again nega-
tively)



• DellaVigna and Pollet (2005) — Inattention to distant future

• Another way to simplify decisions is to neglect distant futures when making
forecasts

• Identify this using forecastable demographic shifts

• Substantial cohort size fluctuations over the 20th century

• Consumers at different ages purchase different goods

• Changes in cohort size =⇒ predictable changes in profits for different
goods

• How do investors react to these forecastable shifts?



• Example. Large cohort born in 2004

• Positive demand shift for school buses in 2010 =⇒ Revenue increases in
2010

• Profits (earnings) for bus manufacturers?
— Perfect Competition. Abnormal profits do not change in 2010

— Imperfect Competition. Increased earnings in 2010



• How do investors react?
1. Attentive investors:

— Stock prices adjust in 2004

— No forecastability of returns using demographic shifts

2. Investors inattentive to future shifts:

— Price does not adjust until 2010

— Predictable stock returns using contemporaneous demand growth

3. Investors attentive up to 5 years

— Price does not adjust until 2005

— Predictable stock returns using consumption growth 5 years ahead



• Step 1. Forecast future cohort sizes using current demographic data

• Step 2. Estimate consumption of 48 different goods by age groups (CEX
data)

• Step 3. Compute forecasted growth demand due to demographics into
the future:

— Demand increase in the short-term: ĉi,t+5 − ĉi,t

— Demand increase in the long-term: ĉi,t+10 − ĉi,t+5

• Does this demand forecast returns? Regression of annual abnormal returns
ari,t+1

αri,t+1 = γ + δ0
h
ĉi,t+5 − ĉi,t

i
/5 + δ1

h
ĉi,t+10 − ĉi,t+5

i
/5 + εi,t+1







• Results:
1. Demographic shifts 5 to 10 years ahead can forecast industry-level stock
returns

2. Yearly portfolio returns of 5 to 10 percent

3. Inattention of investors to information beyond approx. 5 years

4. Evidence on analyst horizon: Earning forecasts beyond 3 years exist for
only 10% of companies (IBES)

• Where else long-term future matters?
— Job choices

— Construction of new plant...



2 Menu Effects: Introduction

• Limited Attention:

— Too little weight on some dimension (Science article, shipping cost,
posted price, news to customers. indirect link, distant future)

— Too much weight on salient dimension (NYT article, auction price,
recent returns or volume)

• Any other examples?



• We now consider more explicitly a specific context: Choice from Fixed
Menu

— Health insurance plans

— Savings plans

— Politicians on a ballot

— ...

• We explore three common (non-rational) heuristics:
1. Excess Diversification (1/n heuristics)

2. Use of Irrelevant Information

3. Choice Overload



3 Menu Effects: 1/n Heuristics

• Excess Diversification or 1/n Heuristics
— Facing a menu of choices, if possible allocate

— (Notice: Not possible for example for health insurance plan)

• Example: Experiment of Simonson (1990)
— Subjects have to pick one snack out of six (cannot pick >1) in 3
different weeks

— Sequential choice: only 9 percent picks three different snacks

— Simultaneous choice ex ante: 64 percent chooses three different snacks



• Benartzi and Thaler (2001)

• Study 401(k) plan choices

• Data:
— 1996 plan assets for 162 companies

— Aggregate allocations, no individual data

• Average of 6.8 plan options per company

• Lacking individual data, cannot estimate if allocation is truly 1/n

• Proxy: Is there more investment in stocks where more stocks are offered?



• They estimate the relationship
%Invested In Equity = α+ .36 (.04) ∗%Equity Options+ βX



• For every ten percent additional offering in stocks, the percent invested in
stocks increases by 3.6 percent

• Notice: availability of company stocks is a key determinant of holdings in
stocks

• Issues of endogeneity:
— Companies offer more stock when more demand for it

— Partial response: Industry controls

• Additional evidence based on a survey
— Ask people to allocate between Fund A and Fund B

— Vary Fund A and B to see if people respond in allocation





• People respond to changes in content of Fund A and B, but incompletely

• Issues:

— Not for real payoff

— Low response rate (12%)

— People dislike extreme in responses



• Huberman and Jiang (2006)

• Data:
— Vanguard data to test BT (2001)

— Data on individual choices of participants

— Half a million 401(k) participants

— 647 Defined Contribution plans in year 2001

— Average participation rate 71 percent

• Summary Statistics:
— 3.48 plans choices on average

— 13.66 plans available on average



• Finding 1. People do not literally do 1/n, definitely not for n large
— Flat relationship between#Chosen and#Offered for#Offered >
10

— BT (2001): could not estimate this + #Offered rarely above 15



• Regressions specification:
#Chosen = α+ β ∗#Offered+ βX



• Finding 2. Employees do 1/n on the chosen funds if

— number n is small

— 1/n is round number



• Finding 3. Equity choice (most similar to BT (2001))

• In aggregate very mild relationship between%Equity and%EquityOffered



• Split by #Offered:
1. For #Offered ≤ 10, BT finding replicates:

%Equity = α+ .292 ∗%EquityOffered
(.063)

2. For #Offered > 10, no effect:

%Equity = α+ .058 ∗%EquityOffered
(.068)



• Psychologically plausible:

— Small menu set guides choices —> Approximate 1/n in weaker form

— Larger menu set does not

• BT-HJ debate: Interesting case where at the end we really understand
better the phenomenon



4 Use of Irrelevant Information: Voting

• What happens with large set of options if decision-maker uninformed?

• Possibly use of irrelevant information to choose

• Example: Order of options

• Ho and Imai (2004). Order of candidates may matter as well

• Exploit randomization of ballot order in California

• Years: 1978-2002

• Data: 80 Assembly Districts



• Areas of randomization



• Use of randomized alphabet to determine first candidate on ballot



• Observe each candidate in different orders in different districts

• Compute absolute vote (Y ) gain
E [Y (i = 1)− Y (i 6= 1)]

and percentage vote gain

E [Y (i = 1)− Y (i 6= 1)] /E [Y (i 6= 1)]

• Result:

— Small to no effect for major candidates

— Large effects on minor candidates







5 Next Lecture

• Next lecture in two weeks!

• Behavioral Asset Pricing

• Choice Overload

• Social Pressure




